Introduction
related technical skills (Amirul et al., 2017; Cory & Peruske, 2012) in order to meet the requirements of different stakeholders (El-Dalahmeh, 2017) .
Problem statement
Given the extensive utilisation of mobile devices by accounting professionals for accessing and sharing data, incorporating mobile devices into the classroom appears to be a solution to improve accounting graduates' technical expertise (Staples et al., 2016) . In order to engage the digital generation in the learning process, interactive learning such as mobile learning is recommended in the higher education classroom (Lewis, Fretwell, Ryan, & Parham, 2013; Watty et al., 2016) . However, the success or failure of mobile learning implementation depends on learners' readiness to embrace technology for their education (Ismail et al., 2016) . To enable mobile learning to be a field of research, it requires the theories, methodologies, and practices of its own (Aguayo, Cochrane, & Narayan, 2017) . To enrich the studies on mobile learning field, the objective of this study is to identify the factors affecting accounting students' BI to accept mobile learning.
Theoretical model
Users' acceptance and adoption of technology has captured the attention of various scholars and become a principal field of study over the past few decades (Sabah, 2016) . The need to explain the usage behaviour of technologies and their determinants has prompted the development of a number of theoretical frameworks (Jackman, 2014) . These include the theory of reasoned action (TRA) (Fishbein & Ajzen, 1975) , the theory of planned behaviour (TPB) (Ajzen, 1985) , the technology acceptance model (TAM) (Davis, 1986) , and the diffusion of innovation model (DOI) (Rogers, 1995) . Nevertheless, most of these frameworks possessed inadequate predictive capabilities and were constructed on insufficient empirical evidence (Ooi & Tan, 2016; Tan, Lee, Lin, & Oois, 2017) . In 2003 Venkatesh, Morris, Davis, and Davis proposed the unified theory of acceptance and use of technology (UTAUT). UTAUT2 was later proposed by Venkatesh et al. (2012) as a model to comprehend consumer behaviour when using technologies. UTAUT2 comprises seven independent variables, incorporated price value (PV), hedonic motivation (HM), and habit (HT), with the existing variables of performance expectancy (PE), effort expectancy (EE), social influence (SI), facilitating conditions (FC). Behavioural intention (BI) is the mediating variable, while use behaviour plays the role of the dependent variable. In addition, age, gender, and experience are included as moderators. Nevertheless, this paper excludes use behaviour in the framework since mobile learning is still at its infancy stage of development in Malaysia. Instead of investigating the present use of mobile learning technology, this research explores the future acceptance of such advancement (Tan et al., 2017) . Moreover, actual adoption is hard to gauge (Zhu, Wei, & Zhao, 2016) . Extensions of the model from UTAUT to UTAUT2 yielded significant information to explain the discrepancy described in BI and technology use (TU) (Mtebe, Mbwilo, & Kissaka, 2016) . UTAUT2 has been employed by researchers in various research areas such as consumers' intention to use mobile payments (Morosan & DeFranco, 2016) , e-learning system adoption (El-Masri & Tarhini, 2017) , mobile banking adoption (Alalwan, Dwivedi, & Rana, 2017) and online shopping adoption (Tandon, Kiran, & Sah, 2016) . This research has adopted the UTAUT2 model because of its superiority over existing frameworks. In addition, the moderators of UTAUT2, namely age and experience, have not been included in the study. Due to the preliminary development of mobile learning and improper incorporation of such technology into the university courses to date, there is a lack of convincing argument to integrate the user experience with mobile learning (Jackman, 2014) . Past researchers have also excluded experience as a moderator because its moderating effect on BI is insignificant (Kimball, 2015; Rahman, Jamaludin, & Mahmud, 2011) . Moreover, age was disregarded as a moderator since the target population of this research was undergraduates in a narrow range of ages (Wong, Tan, Loke, & Ooi, 2014) . Nevertheless, this study retained gender as a moderator. Prior literature pertaining to mobile education in Malaysia, found the moderating effect of gender to be inconclusive (Tan et al., 2017; Leong, Ooi, Chong, & Lin, 2013; Tan, Ooi, Chong, & Hew, 2014) , hence, this study sought to probe the effect of gender on the association between the independent constructs and BI.
Literature review

Behavioural intention
BI indicates a person's readiness to use a particular technology for various tasks (Ain, Kaur, & Waheed, 2015) . It evaluates the strength of a user's commitment to perform a specific behaviour and shows the intensity of an individual's intention to adopt a specific behaviour (Davis, 1986) . Fishbein and Ajzen (1975) posited that BI is reflected as a signal of actual behaviour and predicts actual usage (Chang, 2016) . This construct has been widely used as an antecedent of user acceptance in various technology acceptance theories (Almaiah et al., 2016) . Extant studies such as mobile learning (Briz-Ponce, Pereira, Carvalho, Juanes-Mendez, & Garcia-Penalvo, 2017), virtual reality in learning (Shen, Ho, Kuo, & Luong, 2017) , elearning (Chang, Hajiyev, & Su, 2017) , and social networking sites (Chuang, Lin, Chang, & Kaewmeesri, 2017) integrated BI to evaluate adoption and implementation of technology. Thus, BI is regarded as the prime determinant in this current research.
Performance expectancy
The extent of advantages delivered to individuals in completing tasks through the adoption of a particular technology is denoted by PE (Arenas-Gaitan, Peral-Peral, & Ramon-Jeronimo, 2015) . In the context of mobile learning, students may believe that the learning system is beneficial as it enhances their work performance and learning productivity (Abu-Al-Aish & Love, 2013), apart from allowing them to acquire knowledge conveniently and rapidly (Jackman, 2014) . Lawrence (2016) , Arenas-Gaitan et al. (2015) , and Jackman (2014) all emphasised that BI was significantly affected by PE. Thus, the following hypothesis is proposed:
H1. The association between PE and BI is significant enough to warrant utilisation of mobile learning among Malaysia's accounting students in public universities.
Effort expectancy
EE refers to the level of ease associated with an individual's adoption of technology (Arenas-Gaitan et al., 2015) . In this context, EE is the degree to which a learner perceives that using mobile learning services and its relevant features will be free from effort (Al-Hujran, Al-Lozi, & Al-Debei, 2014) . Prior studies by Magsamen-Conrad, Upadhyaya, Joa, and Dowd (2015) , De Sena Abrahao, Moriguchi, and Andrade (2016), and Chauhan and Jaiswal (2016) posited that BI was strongly influenced by EE. Therefore, the following hypothesis is suggested:
H2. There is a significant enough relationship between effort expectancy (EE) and BI (BI) to adopt mobile learning among Malaysia's accounting students in public universities.
Social influence
SI is the degree to which students recognise that significant parties, such as peers, lecturers, and family members, perceive they should embrace mobile learning system (Al-Hujran et al., 2014) . This factor is deemed to be prominent in the primary stage of technology acceptance (Jackman, 2014) . Ahmad and Khalid (2017) , Lakhal and Khechine (2016) , and Sabah (2016) confirmed that SI posed significant effect on BI. Thus, the study proposes to test the following hypothesis:
H3. SI possesses a significant enough effect on BI to indicate the value of embracing mobile learning among Malaysia's accounting students in public universities.
Facilitating conditions
FC denote the students' insights into the availability of organisational resources and technical support affecting the adoption of a mobile learning system (Al-Hujran et al., 2014) . This factor also gauges the students' confidence of their possession of knowledge essential to the utilisation of mobile learning (Jackman, 2014) . Kurfali, Arifoğlu, Tokdemir, and Paçin (2017) , Bakar and Razak (2014) , and Magsamen-Conrad et al. (2015) postulated that BI is predicted by FC. Hence, the following hypothesis is formulated:
H4. FC have a significant impact on the BIs of accounting students in Malaysian public universities acceptance of mobile learning.
Hedonic motivation
According to Venkatesh et al. Xu (2012) , HM can be described as the pleasure derived from the adoption of a technology. It reflects a learner's impression of smartphones as engaging and pleasing for educational purpose (Ahmed, 2016) . In line with motivation theory, HM is pivotal in influencing technology adoption among users (Yang, 2013) . Some investigations had validated HM's positive linkage with BI (Alalwan et al., 2017; Herrero & San Martin, 2017; Kang, Liew, Lim, Jang, & Lee, 2015) . Therefore, the following hypothesis is formed:
H5. HM has a significant enough relationship with BI to warrant the utilisation of mobile learning among Malaysia's accounting students in public universities.
Price Value
Venkatesh et al. (2012) explained PV as the individuals' insights regarding the trade-off between perceived benefits received and monetary cost paid for adopting the technology. In contrast with the organisational use setting, individual consumers generally endure the monetary cost of using a technology (Yang, 2013) . The findings of Nair, Ali, and Leong (2015), Sung and Sung (2015) , and Xu (2014) showed that BI is significantly influenced by PV. This leads to the next hypothesis:
H6. PV has significant connections with the BIs of Malaysian accounting students in public universities, in their adoption of mobile learning. Venkatesh et al. (2012) posited that HT refers to an individuals' degree of inclination to execute behaviours automatically in the learning process. In the context of mobile learning, if a student has a higher level of automaticity to use the mobile phone, the learner will possess higher intention to utilise mobile learning than students with a lower level of automaticity (Yang, 2013) . Past studies conducted by Harsono and Suryana (2014) , Escobar-Rodriguez, Carvajal-Trujillo, and Monge-Lozano (2014), and Yeh and Tseng (2017) , concluded that HT exerts positive influence on BI. Thus, the following hypothesis is proposed:
Habit
H7. There is a significant linkage between HT and BI supporting mobile learning among Malaysia's accounting students in public universities.
Gender
In the studies of Goh and Sun (2014) and Liu and Guo (2017) , the researchers found that men and women possess diverse perceptions regarding information technologies such as mobile phones and computers. Men in their study were more inclined to explore innovations as they are active, adventurous (Zhang, Guo, Lai, Guo, & Li, 2013) , and risk taking (Garbarino & Strahilevitz, 2004) . On the other hand, women in their study were passive (Zhang et al., 2013) and anxious about computers and mobile technology (Gilbert, Lee-Kelley, & Barton, 2003; Liu & Guo, 2017) . Ahmed (2016) found in his study that men were more influenced by PE whereas effort expectancy affected women more significantly than men. Men in their study were more pragmatic and task-oriented than women (Zhou, Jin, & Fang, 2014) . Gender (GT) has also been found to moderate the effects of social influence (Faqih & Jaradat, 2015; Venkatesh et al., 2012; Wang, Wu, & Wang, 2009 ). Women in their study were more aware of others' viewpoints and inclined to interact with people before using new technology (Tan et al., 2017) . Wong et al. (2014) supported that men in their study relied on FC to assist in the attainment of goals.
Drawing from the research of Ahmed (2016) , the influence of HM appeared weak among males. The women in his study were more engaged with and pleased to use smartphones academically. On the other hand, Indrawati and Marhaeni (2015) found that females were more concerned about PV when using instant messenger applications. Moreover, Venkatesh et al. (2012) postulated that GT moderated the effect of HT. It can be deduced that GT plays a crucial role as a moderator of the intention to implement a technology (Ahmed, 2016) . This leads to the following hypotheses:
H8. The association between accounting students' BI towards utilising mobile learning in Malaysia's public universities and PE is significantly moderated by GT. H9.
The association between accounting students' BI towards utilising mobile learning in Malaysia's public universities and effort expectancy is significantly moderated by GT. H10. The linkage between accounting students' BI towards utilising mobile learning in Malaysia's public universities and SI is significantly moderated by GT. H11. The correlation between accounting students' BI towards utilising mobile learning in Malaysia's public universities and FC is significantly moderated by GT. H12. The association between accounting students' BI towards utilising mobile learning in Malaysia's public universities and HM is significantly moderated by GT. H13. The correlation between accounting students' BI towards utilising mobile learning in Malaysia's public universities and PV is significantly moderated by GT. H14. The correlation between accounting students' BI towards utilising mobile learning in Malaysia's public universities and HT is significantly moderated by GT.
A research framework depicting the hypotheses has been developed as shown in Figure 1 . 
Methodology
Survey methodology was employed for this research and data were collected through structured questionnaires. The questionnaires were disseminated through the internet (Google Form), and also via personal delivery and collection. The target population of this study was accounting students in the public universities of Malaysia. Universiti Malaya (UM), Universiti Kebangsaan Malaysia (UKM), Universiti Teknologi MARA (UiTM), and Universiti Putra Malaysia (UPM) were the sampling locations. These four universities were chosen because they were the top four public universities in Malaysia according to the Quacquarelli Symonds University Rankings for Accountancy and Finance Subjects in 2017.
In accordance with Hinkin's (1995) sample size recommendations of an item-response ratio of between 1:4 and 1:10, for our questionnaire of 41 items a sample size of 164 to 400 respondents is considered as adequate. Therefore, 400 questionnaires were disseminated to the respondents. The questionnaire consisted of 41 items: 35 independent variable and 6 dependent variable items. The independent variables included PE, EE, SI, FC, HM, PV, and HT, while the dependent variable was BI. All variables were measured using a 5-point Likert scale, ranging from 1 = strongly disagree to 5 = strongly agree.
Results
Descriptive analysis
Respondent demographic profile
Of the 400 questionnaires, 358 valid responses were collected from respondents, achieving a response rate of 89.50%. The data were analysed using the partial least squares structural equation modelling (PLS-SEM) approach supported by SmartPLS 3.0. The descriptive statistics of the respondents are given in Table 1 . 
Reliability test
The reliability statistics are presented in Table 2 . HT attained the highest value of 0.877 whereas facilitating conditions (FC) gained the lowest value of 0.813. The reliability of all the variables were fulfilled as their Cronbach's alpha values exceeded 0.70 (Kline, 2015) . 
Normality test
The results of the normality test are furnished in Table 3 . The range of skewness was between -0.464 and -1.122, and the range of kurtosis was between -0.169 and 1.870. Since all the skewness and kurtosis coefficients fell into the range of ±3 and ±10 respectively, all statistics were considered to have a normal distribution (Kline, 2015) . 
Inferential analyses
Measurement model assessment
Internal consistency reliability, indicator reliability, convergent validity, and discriminant validity are used to gauge the model's reliability and validity (Rosli, 2015) . The summary of the measurement model assessment is given in Table 4 . Composite reliability values scrutinise reliability. The figures of composite reliability ranged from 0.842 to 0.91, which is beyond the recommended threshold of 0.70. This result indicated adequate reliability of the constructs (Zhou et al., 2014) . Indicator reliability is assessed by looking at the item loadings. According to the Yang (2013) , adequate reliability is exhibited since the loadings exceeded 0.7. However, items SI4, FC1, and BI6 exhibited item loadings below the threshold of 0.7. This implied their lower significance to the model. Convergent validity is assessed using the average variance extracted (AVE).
The entire values of AVE were more than 0.5: ranging from 0.521 to 0.67. This suggested satisfactory convergent validity (Arenas-Gaitan et al., 2015) . Table 5 shows that all constructs' discriminant validities were achieved as the square roots of each construct's AVE exceeded the correlations between constructs (Briz- Ponce et al., 2017; Fornell & Larcker, 1981) . 
Structural model assessment
The study's structural model was reviewed for explanatory power and path significance via the bootstrapping technique (Zhou et al., 2014) . The R 2 amounted to 29.9%, which indicated that a significant amount of variation in BI could be explained by PEPE, EE, SI, FC, HM, PV, and HT. The R 2 value is deemed substantial when it is greater than 0.26 (Isaac, Masoud, Samad, & Abdullah, 2016) . Hence, this model was a good fit in the context of mobile learning. Figure 2 shows the path co-efficient and R 2 value. Figure 3 shows the bootstrapping results of this research. BI was predicted by seven constructs with different degrees of significance. As shown in Table 6 , SI, HM, PV, and HT had significant impact on accounting students' BI to use mobile learning. However, PE, EE, and FC were found to be insignificant. The most influential construct towards BI was HT (β = 0.306, t = 4.66), while the second most prominent predictor was HM (β = 0.219, t = 3.44). This was followed by PV and SI, which exhibited path coefficients of 0.108 (t = 1.942) and 0.102 (t = 1.914) respectively. HT, HN, PV and SI demonstrated positive and significant effects on the endogenous variable. 
Discussion
This study did not find evidence for the influence of PE on BI to adopt mobile learning. This was in line with the work of Cheng, Yu, Huang, Yu, and Yu (2011), Schaper and Pervan (2007) , and Vanneste, Vermeulen, and Declercq (2013) . It indicated that individuals were attracted to the system due to reasons apart from the system's ability to improve the learning process. This finding provided support for the findings of Letchumanan and Muniandy (2013) , confirming that the evaluation of PU entails time and actual use of a system. Since mobile learning is at its embryonic stage of growth, the extent to which students' embrace of mobile learning may be relatively low (Park, 2011; Sabah, 2016) .
This research illustrated that EE does not pose significant influence on BI to adopt mobile learning. The outcome upholds the findings of Kang et al. (2015) and Oliveira, Faria, and Thomas (2014) , who posited that the accomplishment of an mobile learning task does not rely on the effort employed to use the system. This may be explained by the notion that students have become more accustomed to computers and mobile platforms (Rehman, Anjum, Askri, Kamran, & Esichaikul, 2016; Üzdoğan, Basoglu, & Ercetin, 2012) . As learners are more adaptive to new technology, they prepare and train themselves to accomplish learning tasks (Rehman et al., 2016) , which in turn weakens the impact of EE.
In line with the studies of Ahmad and Khalid (2017) , Lakhal and Khechine (2016), and Sabah (2016) , SI was found to possess positive and substantial influence on BI. This result suggests that students believe the opinions, perceptions, and attitudes of their peers, parents, and lecturers can impact them in embracing a mobile learning system. In other words, undergraduates are more inclined to engage in mobile learning when they perceive their important communal influences support them to accept mobile learning.
On the other hand, the outcome of this study postulates that accounting students' BI to implement mobile learning is not considerably affected by FCs. This result is consistent with the findings of Teo and Noyes (2012) , Jambulingam (2013), and Arenas-Gaitan et al. (2015) . Infrastructure support to use mobile learning becomes unnecessary because younger generation are equipped with skills to utilise new technology (Diño & de Guzman, 2015) . Furthermore, FCs effect may be captured by EE (Venkatesh et al., 2002) .
HM was shown to exert a significant positive impact on the intention of mobile learning adoption. This finding is affirmed by investigations conducted by Kang et al. (2015) , Herrero and San Martin (2017) , and Alalwan et al. (2017) . Based on the results of this study, it can be inferred that if the students find the mobile learning system's functions and features enjoyable and enticing, the probability for them to utilise the system is higher. A mobile device is assumed to provide users with great pleasure and contentment from allowing them to store data, access to real-time information, capture pictures and record videos (Sabah, 2016) .
PV was found to elicit a significant impact on BI. The findings of Nair et al. (2015) , Sung and Sung (2015), and Xu (2014) agreed with the outcome of this research, and it can be concluded that the cost and charges of mobile learning affect the intention of students in applying mobile learning system. Learners are prone to embrace the technology when it harvests greater benefits compared to the cost (Isa & Wong, 2015) . However, if the price of mobile learning does not match its value, students' intention of implementing the system will be negatively affected.
HT was reported to demonstrate a remarkable positive influence in relation to BI and served as the strongest determinant in the study. The result provides support for past studies conducted by Harsono and Suryana (2014) , Escobar-Rodriguez et al. (2014) , and Yeh and Tseng (2017) . Students who are accustomed to the use of technology may have a positive intention in using mobile learning (Tarhini, Mohammed, & Maqableh, 2016) . In other words, increase of the usage of mobile devices among the digital generation may have caused dependence on mobile applications and prompted stronger automaticity levels in applying mobile learning system.
After performing a partial least squares-based multi-group analysis this study concluded that there was no moderating effect between GT and BI. This finding is congruent with research done by Arenas-Gaitan et al. (2015) , Diño and de Guzman (2015) , and Krishnapillai and Ying (2017) . The results of this study confirm that the effects of SI, HM, PV, and HT are similar in pathway and size for male and female learners. Since the digital gap between male and female is reducing (Faqih & Jaradat, 2015) , this could be one of the reasons that technology systems have become more manageable by both genders (Diño & de Guzman, 2015) . The gender gap of technology acceptance is narrowed through technology proficiency enhancement courses and improved information and communication technology access (Lee, Park, & Hwang, 2015) . Table 7 shows the results of the moderating effects of gender. 
Contribution
This research probed into the dynamics of technology acceptance in the domain of mobile learning, with specific emphasis on the moderating effects of gender. Differing from what was hypothesised in this study, gender did not display moderation impact on the BI. Unlike numerous preceding studies which posited that the adoption of technology depends predominantly upon the technology's performance and EE (Faqih & Jaradat, 2014) , this study found that HT is the strongest determinant. Consistent usage of mobile learning could be encouraged through implementation of rules and regulations by the educational institutions to nurture students' HTs in using mobile learning systems. Seminars, workshops, and awareness campaigns held regularly could garner interest and cultivate learners' HT to use mobile learning.
Previous research on information system adoption in organisational settings tended to assert that HM is secondary to utilitarian motivation: the idea that usefulness is more important than beauty (Yang, 2013) . However, this study revealed that HM is more important than PE and EE. This result provides valuable insight for educators to formulate and design interesting interface and enjoyable contents of mobile learning system. The design of mobile learning should encompass features which can deliver greater satisfaction. In addition, mobile learning can be promoted to learners by using the exterior SI of social networks. This study also affirms that PV is a vital factor of mobile learning adoption. Students will embrace mobile learning if the perceived value justifies the cost, and marketers should ensure low charges of mobile learning while offering rich features to learners.
Limitations and recommendations
Certain limitations were revealed in the current research. First, the actual use of mobile learning was not incorporated in the proposed conceptual framework. Second, the causality among the constructs may not be readily inferred owing to the study's cross-sectional nature. Third, the investigation was based on the respondents' self-reported intention to use mobile learning, not their actual usage. Lastly, since the sampling locations were confined to public universities only, the findings could not be generalised across both public and private universities.
Apart from considering BI, future scholars are encouraged to integrate actual use of technology in the proposed model and adopt a longitudinal study to validate the cause-effect relationships. Furthermore, instead of relying on self-reported intention to use, actual usage of mobile learning is recommended to be tracked and recorded to deliver insightful information on students' mobile learning progress. Further studies are encouraged to broaden the sample size and involve an extensive range of public and private tertiary education institutions.
Conclusion
The outcomes of the current study underlined prominent insights pertaining to accounting students' acceptance of mobile learning by expanding UTAUT2, in the Malaysian context. The study established that HT is the most significant factor, followed by HM, PV, and SI. Nevertheless, PEPE, EE, and FC are not strongly associated with BI. This finding could improve the quality of education, benefiting students from both pedagogical and instructional perspectives. Accounting educators should strive to enhance learning outcomes and enrich education by making greater moves toward integrating mobile learning into the classroom.
